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Research on Constructing a Mass Ontology—matching Model Based on
Deep Learning

CHANG Wanjun, ZHANG Dongfang

( School of Computer Science & Technology, Henan Institute of Technology, Xinxiang 453003,China )
Abstract: Ontology—matching is an effective method for data communication and operation of multi-
source heterogeneous ontologies in semantic network. It is a major challenge in the design of Ontology—
matching algorithm for researchers to achieve scientific classification of mass ontology and reduce the
time, space and consumption during the process of heterogeneous Ontology—matching. This paper presents
autoencoder and Deep Learning technology of mass Ontology—matching algorithm design which provides
important support for mass ontology semantic matching and data mining to deal with this problem. It consists
of semantic embedding and model training for input ontology by using autoencoder,which can reduce the
complexity of heterogeneous ontology and improve the accuracy of heterogeneous ontology classification. It is
clearly showed that the algorithm has obvious advantages in time complexity and operation accuracy through

experiments of multiple Ontology—matching systems, which has a high value of research and application.

Key words: ontology; autoencoder; semantic embedding; deep learning
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Study on the Limit and Mechanism of Carbon Fiber/Aluminum Alloy Laminates

for Automotive with Elastic Mold Plasticizing Forming

LI Qian, LIU Yifan, WANG Yaoyao, LIU Qing
( School of Vehicle And Traffic Engineering, Henan Institute of Technology, Xinxiang 453003, China )

Abstract: In order to solve the problems of poor deformation coordination of heterogeneous materials
and low plastic forming limit of heterogeneous materials in the traditional forming process of automotive
carbon fiber/aluminum alloy laminates, a method of elastic mold plastic forming for carbon fiber metal
laminates is proposed. Combined with theoretical analysis, finite element simulation, experiments and other
means, the deformation behavior and forming limit of carbon fiber metal laminates in the plastic forming
process of elastic mold were studied. The experimental results show that the elastic mold can significantly
improve the forming performance of carbon fiber metal laminates, and as the hardness of the elastic mold
increases, both the forming limit displacement and the load—bearing limit of the laminates are improved.
When the hardness of the elastic mold reaches HS90A, compared with the traditional non—elastic mold
forming, the forming limit displacement of the laminates can be increased by 30.6% and the load—bearing
limit can be increased by 21.8%.

Key words: carbon fiber / aluminum alloy laminates;elastic mold;plastic forming

(RfEHE S4A4)

26

hE41M  https://www.cnki.net



