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Wheat Disease Identification Based on Improved YOLOVS Model

HAO Qiaohong', FENG Qinghe', JIANG Mingkai', MATEU Sbert’, HU Hui', YANG Fuchao'
( 1.School of Intelligent Engineering, Henan Institute of Technology, Xinxiang 453003, China;
2. Institute of Informatics and Applications, University of Girona, Girona 17003, Spain )

Abstract: Wheat, as one of the crucial food crops in China, has a profound impact on the country's
economic infrastructure and people's daily lives in terms of both yield and quality. However, wheat often
encounters a wide range of diseases caused by fungi, viruses, bacteria, and environmental factors during
its growth process, which significantly reduces wheat yield. Given the urgent need for wheat disease
identification, this article aims to develop a recognition model based on improved YOLOVS. Firstly, a
diversified data augmentation strategy was adopted, covering methods such as random cropping, noise
addition, lighting adjustment, and rotation transformation, to augment the data of six wheat disease images
and healthy wheat images. Secondly, the original YOLOVS8 model innovatively incorporates two new
components: the upsampling DySample module and the SA attention module. Finally, the reliability and
applicability of the proposed model were fully validated through quantitative comparison and qualitative
evaluation on the wheat disease dataset.
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